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Figure 1: We explored AI’s potential to support co-creation and strengthen communication across generations at a workshop. 
Lef: Intergenerational groups worked with an AI-assisted tool to co-create stories. Right: A group of participants including a 
grandparent and two grandchildren from the workshop. 
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Abstract 
Intergenerational co-creation using technology between grand-
parents and grandchildren can be challenging due to differences 
in technological familiarity. AI has emerged as a promising tool 
to support co-creative activities, offering flexibility and creative 
assistance, but its role in facilitating intergenerational connection 
remains underexplored. In this study, we conducted a user study 

with 29 grandparent-grandchild groups engaged in AI-supported 
story creation to examine how AI-assisted co-creation can foster 
meaningful intergenerational bonds. Our findings show that 
grandchildren managed the technical aspects, while grandparents 
contributed creative ideas and guided the storytelling. AI played 
a key role in structuring the activity, facilitating brainstorming, 
enhancing storytelling, and balancing the contributions of both 
generations. The process fostered mutual appreciation, with each 
generation recognizing the strengths of the other, leading to 
an engaging and cohesive co-creation process. We offer design 
implications for integrating AI into intergenerational co-creative 
activities, emphasizing how AI can enhance connection across skill 
levels and technological familiarity. 
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1 Introduction 
Intergenerational interaction between grandparents and grandchil-
dren can foster meaningful connections [5] and strengthen family 
bonds [12]. These connections can benefit younger generations 
socially and developmentally [35] and can contribute to self-efficacy, 
health, and well-being among older generations [98]. Although a 
positive and healthy intergenerational connection is universally 
desired, families face a number of barriers to establishing and 
maintaining such connections, including a mismatch between 
different generations in skill, language, interest, and availability 
[9, 34, 71, 78]. Grandparents may relish storytelling, cooking, or card 
games that their grandchildren may find boring, while grandchil-
dren may enjoy video games, flying drones, and programming that 
their grandparents find too complicated or unfamiliar. Technology 
is a particularly notable barrier, as younger generations, raised 
in technology-rich environments, are more familiar with new 
technologies, whereas older generations may find catching up with 
the latest technologies challenging [59]. Researchers have called 
this phenomenon the “digital divide,” where significant differences 
in technology literacy and experience create barriers to effective 
communication and connection making [85]. 

Recent advances in artificial intelligence (AI), particularly large 
language models (LLMs), have the potential to overcome these 
barriers by substantially lowering the barrier to technology use 
through easy-to-use conversational interfaces that can handle 
a wide range of requests, questions, and tasks [39, 40, 93]. 
Applications such as ChatGPT 1 allow anyone with the ability
to type or speak, regardless of age, background, and level of 
familiarity, to seek informational and creative help [1]. Although 
users of these applications express concerns about their usability 
and potential to cause harm [25, 75], they are finding widespread 
societal adoption due to their potential benefits and ease of 
access. Recent research has reported the use of such tools for 
co-creation and co-exploration by families within conversations, 
shared tasks, and family entertainment [13], pointing to an 
opportunity for AI to facilitate connection-making and to help 
overcome the digital divide. We focus on co-creation as the process
of bonding through shared creative activities that integrate the 
unique skills, experiences, and perspectives of both generations. 
Co-creation, facilitated by technology, can foster mutual learning 
and understanding, allowing grandparents and grandchildren 

1https://openai.com/chatgpt/
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to engage in storytelling, problem-solving, and technology use 
in a way that strengthens their relationship. We use this term 
throughout the paper to emphasize the reciprocal and constructive 
nature of these interactions. Therefore, we aim to answer the 
following research questions: 

(1) How do participants from different generations perceive AI’s
role within co-creation activities?

(2) In what ways do AI-supported co-creation activities facilitate
intergenerational communication and connection?

In this paper, we explore the potential of AI-assisted co-creation 
activities to establish intergenerational communication and connec-
tion and investigate how these activities shape intergenerational 
perceptions and perceptions of AI (Figure 1). For our exploration, 
we adopted an LLM-powered story-based robot programming 
tool and developed a semi-structured, workshop-based activity 
in which grandparent-grandchild pairs interacted to co-create 
stories. The activity involved developing creative stories involving 
robotic and human characters—an activity grandparents might be 
particularly skilled and interested in—and translating these stories 
into programs that can control a social robot—an activity in which 
grandchildren might be particularly skilled and interested. The tool 
integrated an LLM assistant that helped pairs develop stories and 
translate them into robot programs. 

In the context of a community outreach workshop, we asked 
29 grandparent-grandchild pairs or groups (some groups involved 
more than one grandparent or grandchild) to develop stories and 
program a social robot based on these stories. We collected data on 
how the groups interacted, their development of the stories, their 
programming of the robot, their perceptions of the activities, and 
how the activity affected their perceptions of their grandparents 
or grandchildren. We report on findings regarding role delegation 
within groups, use patterns for AI within the co-creation activity, 
and intergenerational differences in AI use and acceptance. Our 
work makes the following contributions. 

(1) Primary Contributions: We gained empirical insights into
how different generations perceive AI’s role within co-
creation activities and how these activities facilitate inter-
generational communication and connection.

(2) Secondary Contributions:
(a) We developed a workshop-based activity to foster and

study intergenerational interaction in a semi-structured
environment, serving as a practical resource for future
research.

(b) We developed design implications for AI-assisted technolo-
gies that target family communication and connection.

2 Related Work 

2.1 The “Digital Divide” 
There is substantial evidence indicating that older adults generally 
find interacting with computers and learning new technologies 
more challenging than younger generations [11, 23]. For instance, 
Pang et al. [66] showed that older adults often prefer one-on-one 
support when learning digital tools and may still prioritize 
non-digital tools over digital alternatives. However, there is 
growing interest among older adults to acquire basic technology 

https://doi.org/10.1145/3706598.3713718
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skills, especially as they seek to stay connected with family 
and friends, and better organize their lives [57]. This highlights 
the growing acknowledgment of technology’s role in enhancing 
social connections. Moreover, technology plays a significant 
role in bridging generational gaps, enhancing intergenerational 
relationships by allowing older adults to engage in meaningful 
activities with younger generations [27]. Despite this potential, 
older adults tend to use digital devices and software less frequently 
and report lower confidence levels when using technology, further 
emphasizing the need for accessible, supportive digital tools [43]. 

2.2 Intergenerational Interaction through 
Shared Activities 

Engaging in shared activities creates a common ground for par-
ticipants, fostering more effective communication and promoting 
positive social interactions. Previous research has explored various 
joint activities, such as storytelling [10, 94], drawing [4, 41], and 
playing games [19, 22, 26, 33, 70], as ways to foster meaningful 
connections between generations. 

The relationship between grandparents and grandchildren is 
a particularly unique and enriching bond. Research highlights 
that interactions between people of different age groups promote 
social integration, foster intergenerational understanding, and 
enhance reciprocal learning [79]. These interactions also pro-
vide opportunities to convey important social values, such as 
environmental stewardship and collective responsibility, further 
demonstrating their societal relevance. Tsiloni et al. [82] examined 
the psychosocial effects of intergenerational learning among 
school-age children and older adults, demonstrating its positive 
impact on well-being. Similarly, intergenerational activities have 
been shown to benefit both younger and older generations by 
reinforcing family bonds, enhancing reciprocal learning, increasing 
understanding between generations, and reducing social anxiety 
[6, 20]. However, generational gaps in technology usage, often 
referred to as the “digital divide,” can present significant challenges 
to successful interaction. 

For instance, Wei et al. [89] explored virtual reality as a 
medium for remote communication between grandparents and 
grandchildren. Their findings revealed a generational gap in 
preferences, as more than half of the grandchildren listed playing 
games as their favorite activity, yet many felt it was not suitable for 
interacting with their grandparents. This underscores differences 
in generational interests and technology skills, which can create 
barriers to intergenerational interaction. 

Several studies have explored the use of tangible devices 
to bridge intergenerational gaps by facilitating storytelling and 
communication. For instance, Li et al. [52] introduced Story-Me, 
a slot-machine-like device encouraging older adults in nursing 
homes to share life stories with their children. Similarly, Wallbaum 
et al. [86] developed StoryBox, a device enabling grandparents 
and grandchildren to share photos, artifacts, and audio recordings, 
fostering playful expression and bridging technological divides. Li 
et al. [51] designed Slots-Memento, a tangible device for preserving 
and sharing intergenerational stories through photo displays 
and recorded narratives. These tools demonstrate how accessible, 
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intuitive technologies can promote meaningful storytelling and 
strengthen intergenerational connections. 

While these approaches have used technology to facilitate inter-
generational interaction, our work shifts the focus to AI-assisted 
co-creation, offering a novel approach to joint participation between 
generations. By leveraging AI’s potential, we aim to create a more 
inclusive interaction across the digital divide. 

2.3 AI as a Co-Creation and Interaction Tool 
AI tools have been increasingly used to assist individuals in 
interactive contexts, where AI systems work as partners to the 
human users in performing tasks [54, 87]. These tools often help 
in idea development [14, 56, 74], problem-solving [92], human-AI 
communication design [48] and so on. 

With the proliferation of web-based information and the 
development of LLMs such as ChatGPT (GPT-3.5 and GPT 4 [2]) 
and Gemini [80], recent LLM-powered tools are equipped with 
handling a variety of information and tasks. The domain in which 
the LLM-based tools are used varies from healthcare [29, 30, 32] to 
law [19, 24], and also span from simple text summarization tasks 
[55, 95], to complex and creative tasks, such as brainstorming ideas 
[62, 72] or creating new content (i.e., co-creation) [53, 81, 97]. 

Due to AI-powered tools being more prevalent, some researchers 
have investigated users’ perceptions of AI, including mental models 
[7, 38, 65, 84] and the extent of human control and trust in 
AI suggestions. Gero et al. [28] investigated people’s mental 
models of AI in a cooperative word guessing game, revealing that 
people revise their mental models most when AI anomalies persist. 
Collaborative settings, such as AI-assisted decision-making have 
also been extensively studied [8, 58]. For instance, Ma et al. [58] and 
Bansal et al. [8] studied AI trust calibration through correctness 
likelihood (CL) and found out that users were able to accept AI 
suggestions more appropriately when required to gauge their 
own confidence levels and to think more critically about the AI’s 
explanations. Another interpretation of trust towards AI was sought 
by Shareef et al. [73]. Regarding AI trust particularly within the 
elderly population, they revealed elderly trust towards autonomous 
systems could be achieved if they were to be able to control the 
system and find a sense of belongingness. 

In our review of previous work, understanding the potential 
of AI tools within intergenerational groups is still at its nascent 
stage. Specifically, no studies have thoroughly examined the current 
trust and usage levels of AI applications across generations or how 
AI co-creation tools might bridge these generational gaps. Prior 
work primarily focuses on AI use cases involving individuals or 
groups of individuals (e.g., peers of similar age group) using the 
tools in various contexts. However, it often overlooks the broader 
impact these tools have on the individuals using them and their 
perceptions toward these tools. Closest to our work are studies that 
observed AI tool usage within the education realm, where qualities 
such as self-efficacy, learning motivation, and growth mindset of 
the students were examined through using the tools [40, 44, 63]. 
Our work differentiates itself from prior research in that we (1) 
focus on a specific group of cohorts consisting of grandparents and 
grandchildren and (2) investigate the usage patterns and the effects 
of AI tools on bridging generational gaps. Particularly, our work 
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adds to the body of work discussing the potential and usefulness 
of AI tools in co-creation. To this end, our work aims to explore 
opportunities that lie within AI-supported systems to facilitate 
interaction between the older and younger generations. 

3 Methodology 
We conducted a user study in a workshop setting with 29 
grandparent-grandchildren groups to explore intergenerational 
interactions. Each group was tasked to co-create a story with 
AI assistance through activities, such as storyboarding, writing, 
and programming, in the context of a workshop about social 
robotics. The workshop took place in a suburban college town 
community. This user study procedure was approved by the authors’ 
Institutional Review Board. 

3.1 Participants 
All participants were informed about the study’s goals and given 
the option to volunteer for the workshop. The outreach program 
was advertised to grandchildren between the ages of 7–14 (� = 
10.64, �� � = 2.13) and their grandparent(s) (� = 74.07, �� � = 7.09; 
2 participants did not report their age). A total of 67 participants 
across 29 groups were recruited, comprising 31 grandparents (12 
male, 19 female) and 36 grandchildren (24 male, 12 female). Groups 
were composed of grandchild(ren) and grandparent(s), with varying 
numbers in each category (e.g., one grandparent and one grandchild,
one grandparent and two grandchildren, etc.). All participants were 
required to be fluent in English. There were no requirements to 
have any technological familiarity with programming or robotics 
prior to the workshop. All grandparents were either alumni of 
or related to an alumni of the University of Wisconsin–Madison. 
All participants were recruited through an alumni organization. 
Beyond the learning outcomes of the outreach event, no additional 
compensation was provided to the participants. 

3.2 Robo-Blocks: LLM-powered Story-based 
Robot Programming Tool 

We describe Robo-Blocks (Figure 2), an LLM-powered co-creation
tool for writing and programming. Below, we explain the features 
of Robo-Blocks that are relevant within the scope of this work:

Task Description: Robo-Blocks provides a detailed description
of the story creation task along with explanations of its features, 
which can be accessed at any time for reference to provide and 
remind users of the task. 

Chat: Robo-Blocks supports a chat-based interaction for the story
creation task. Powered by GPT-4o, 2 , users can interact with an
LLM agent through the chat interface to create a story. To begin the 
interaction, the user begins by typing in details of their story and 
then sends a message to the LLM agent. Users can send a message to 
clarify the details of the task, ask for suggestions on story creation, 
and support for editing and organizing story ideas. The LLM agent 
then responds by asking further guiding questions and the user 
continues to fill out details of the story in this manner. 

Milestones: Robo-Blocks provides users with milestones
grounded in the Self-Regulated Strategy Development (SRSD) [60] 

2https://openai.com/index/hello-gpt-4o/

Kim et al. 

to provide structure to the writing process and support story 
creation. The milestone provides guidance by identifying seven 
elements for the user to consider: characters, location, time, actions,
events, ending, and emotion. The interface allows users to toggle
each element to indicate completion. After marking an element 
complete, the LLM agent provides guiding questions for the users 
to consider for the next element. Below each element, there is a 
“Help me” button that enables users to request suggestions from
the LLM agent. Upon clicking the button, users receive clickable 
suggestions from the LLM agent on how to fill in details for the 
selected element. 

Robot Description: Robo-Blocks displays the robot’s capabilities
and design, allowing users to integrate the robot as a main character 
in their story. As part of the story creation process, participants 
write executable actions that will be programmed and deployed 
during Day 2 activities. 

3.3 Community Outreach Event 
The authors coordinated with a community partner to organize a 
community outreach event to teach social robotics and program-
ming for families, focusing on grandparents and grandchildren 
working together.3 The outreach event was a two-day session
offered once a week, held over three weeks for a total of (three 
sessions × two days) six days. Each week featured a new group of 
participants and was facilitated by one instructor and two-to-three 
helpers who provided assistance to the group during activities. 

The primary objectives of the event were to: 
(1) Facilitate intergenerational learning and interaction through

AI and robotics activities.
(2) Study how different generations interact in a semi-structured

co-creative environment.
(3) Provide participants, especially older adults, opportunities

to engage with emerging technologies.
The curriculum was structured to balance both structured learning 
(e.g., lectures) and open-ended co-creation (e.g., AI-assisted story
creation and robot programming). This workshop-based activity 
provided an opportunity to systematically study intergenerational 
interaction within a semi-structured environment. By combining 
structured learning with open-ended exploration, the workshop 
facilitated meaningful interaction and provided insights into how 
different generations interact during co-creation tasks. 

3.3.1 Day 1: Story Creation. The primary focus of Day 1 was to 
foster intergenerational learning and shared creativity through a 
story creation activity. The session began with an introductory 
lecture on social robotics, covering key topics such as the basic 
principles of robots, social behaviors of robots, and human-robot 
interaction. The lecture was designed to create a shared under-
standing between generations, as prior research has shown that 
collaborative learning experiences can enhance both engagement 
and outcomes in intergenerational settings [3, 17, 31, 77]. 

To initiate interaction and shared storytelling, participants were 
tasked with a storyboard activity. In this exercise, groups reflected 
on family memories and brainstormed ideas for stories in which 

3Materials for the curriculum, including lecture slides, prompts, and workshop schedule 
can be found at https://osf.io/t76ys/?view_only=ea243a1442d548e2908b3a1791c67c90. 
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Figure 2: Overview of Robo-Blocks. (1) description of the task; (2) chat interface; (3) milestones with a “Help me“ button; (4) 
description of the robot platform. 

robots could play a role. This activity was designed to build rapport 
within groups while setting the stage for creative co-creation in a 
shared narrative context. 

Participants were then given a 20-minute lab tour, and were 
invited to interact with social robot Pepper. This hands-on 
experience served to demystify technology for older adults, helping 
them feel more comfortable with robots in a casual setting. 

Following this, a tutorial on Robo-Blocks was provided, demon-
strating the interface’s features and introducing LLMs concept 
and ChatGPT. The AI-assisted story creation task concluded Day 
1, where groups used Robo-Blocks to co-create their own stories 
involving a Misty robot as one of the main character. 

3.3.2 Day 2: Programming and Story Deployment. On Day 2, the 
focus shifted from story creation to programming, continuing 
the semi-structured format by having participants program a 
Misty robot to act out the story they had created on Day 1. The 
session began with a tutorial on Robo-Blocks, where instructors 
demonstrated how to use the programming interface. Participants 
were guided through examples to ensure that all groups could 
successfully follow the instructions. 

After the tutorial, participants worked in groups to program the 
robot. Once robot programming was finished, each group deployed 
their program to a physical robot. This phase combined story 
creation with technical engagement, allowing participants to see 
the tangible outcomes of their co-creation. 

To encourage further exploration and engagement, participants 
were provided with slides that outlined advanced tasks and design 

3.4 Experimental Setup 

choices for programming the robots. This open-ended exploration 
phase created further opportunities to study intergenerational co-
creation in a semi-structured environment. 

All groups regardless of their decision to participate were provided 
a computer station that consisted of a desktop computer, one 
keyboard, and one mouse. For groups that opted to participate 
in the user study, an additional web camera was mounted on top 
of the computer display to record the interaction of the groups 
as they worked with one another. Additionally, participants had 
their computer screens recorded to see how they used the system. 
To avoid recording groups that chose not to participate, groups of 
study participants were positioned in the same area when possible. 

3.5 Procedure 
All consent for participating grandchildren was received in advance 
from their parents and oral assent was confirmed prior to recording 
their activities. Consent from the grandparents was received on 
the first day of the workshop. After confirming consent from the 
participants, the experimenter introduced the purpose of the user 
study and activities. All participants, regardless of participant in 
the user study were provided the same tasks and resources. The 
workshop activities were distributed across two days. Here, we refer 
to all attendees of the workshop, regardless of their participation 
in the user study, as groups. 
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Day 1: The instructor begins the workshop by teaching a 
40-minute introductory course about social robots, that includes 
examples of social robots, a brief discussion of robot design, the 
uncanny valley, and a discussion of social cues and behavior. The 
groups are then given 40 minutes to discuss and create a storyboard 
about a family memory or experience, emphasizing any social cues 
in the storyboard. Following this activity, the instructor and helpers 
present an interactive demonstration with an LLM-powered robot 
for 20 minutes. Then, during a 15-minute break, the instructors and 
helpers confirm oral assent from the grandchildren and written 
consent from the grandparents. Groups that opted to join the 
study were then guided to complete the technology familiarity 
questionnaire (Section 3.6.1). The instructor leads a 20-minute 
tutorial on how to use the Robo-Blocks interface, focusing on the 
chat interface for story creation. The groups are then given 30 
minutes to create a story based on the previously made storyboard 
using the Robo-Blocks interface (refer to Section 3.2). Finally, Day 
1 concludes with a 10-minute wrap-up session where groups are 
encouraged to share their story aloud. 

Day 2: The instructor commences Day 2 with a 30-minute 
tutorial on how to use the programming interface of Robo-Blocks 
(refer to Section 3.2). The groups are given 30 minutes to engage 
in robot programming. Following the programming session, the 
instructor and helpers set up the robot programs to be deployed on 
the Misty robot. After the deployment, the instructor and helpers 
conduct individual group interviews (Section 3.6.4). 

3.6 Data Collection 
For groups that consented, the story writing and robot program-
ming exercises were audio, video, and screen-recorded. All group 
interviews were conducted as families and audio-recorded for 
later analysis. Data collection was done using four methods: 
(1) technology familiarity questionnaire; (2) video and screen 
recording; (3) activity outcomes; and (4) group interviews. We 
discuss each method in detail below. 

3.6.1 Technology Familiarity Qestionnaire. We distributed a 
questionnaire (refer to Appendix A) to capture familiarity and 
experience with ChatGPT and with programming. 

3.6.2 Video and Screen Recording. During the story creation and 
robot programming activity, we recorded both a video facing the 
groups to observe their interaction with one another and usage 
of keyboard and mouse, and a screen recording to confirm their 
interactions with Robo-Blocks. 

3.6.3 Activity Outcomes. We logged the history of the chat 
communication with the LLM agent during the story creation 
activity to verify story creation and milestone usage. 

3.6.4 Group Interviews. Over the course of three sessions, four 
of the authors and two external individuals experienced with 
conducting interviews, hereinafter referred to as interviewers, 
conducted semi-structured interviews with individual groups 
of participants about their experience using Robo-Blocks. The 
interview questions are available in Appendix B. Due to a large 
number of groups and time constraints, members of the same 
family took part in a group interview together (6–19 minutes). All 
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interviewers followed a semi-structured interview script to ensure 
consistency across interviews. 

3.7 Analysis 
We analyzed all collected data, which includes 26 interviews from 
29 groups. In one instance, two groups from the same family 
were interviewed together, one group declined to participate, 
and one interview was missed. We then conducted a thematic 
analysis [15, 61] on the interview data combining an inductive 
(data-driven) approach and a deductive (question-driven) approach. 
The first two authors independently approached the interview 
data with an inductive approach on a subset of three interviews 
to derive an initial draft of a codebook [21]. Examples of 
codes in common between coders included “role while using 
Robo-Blocks,” “impression of AI,” and “impact of collaboration 
with grandparent/grandchild.” The coders divided the remaining 
interviews and used the codebook to drive a deductive analysis of 
the remainder of the interviews. The coders then revised the other’s 
codes and added new codes that helped characterize the interaction 
between grandparents and grandchildren and their perception of AI 
support. With the video dataset, we recruited two external coders 
to do the initial content analysis to confirm the groups’ usage 
of Robo-Blocks, engagement with AI and milestones, and the role 
of each member during the activity. The first two authors later 
conducted a follow-up content analysis, focusing on the interaction 
types between participants and between the participant(s) and AI. 
For quantitative data collected from the pre-survey, a chi-square 
test of independence was conducted to examine the relationship 
between generation (Grandparents vs. Grandchildren), ChatGPT 
usage (Yes vs. No), and programming experience (Yes vs. No). 

We acknowledge that our findings of the opinions and experi-
ences of the grandparents and grandchildren participants in this 
study do not represent absolute truths on how other grandparents 
and grandchildren may use AI-supported interfaces for co-creation. 
Rather, our dataset captures various ways in which grandparents 
and grandchildren may perceive and respond to support from one 
another and AI. 

4 Findings 
We present findings derived from both quantitative and qualitative 
data analyses. Results from the video analysis are summarized 
in Tables 1. Table 1 outlines key interaction scenarios observed 
between grandparents and grandchildren during the task. From 
these analyses, three main themes emerged, each offering a deeper 
understanding of how AI-assisted co-creation activities foster 
intergenerational communication, enhance connection, and shape 
perceptions of AI. To maintain participant anonymity, grandparents 
are coded as “GP,” and grandchildren are coded as “GC.” 

4.1 AI as a Catalyst for Co-Creation 
Participants perceived AI as playing four key roles within 
co-creation activities. First, AI provided a structured framework, 
helping participants stay focused and organized during story cre-
ation. Second, AI enabled collaborative brainstorming by offering 
prompts that sparked discussions and encouraged idea-sharing 
between grandparents and grandchildren. Third, AI enhanced 
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Figure 3: Summary of Qualitative Findings: AI was perceived as a catalyst by structuring the process, supporting brainstorming, 
enhancing storytelling, and bridging technological gaps, fostering mutual appreciation between generations. Also, participants 
exhibited mixed perceptions of AI during co-creation activities across generations. Finally, AI-assisted co-creation activity 
fostered complementary strengths between generations by creating a shared environment, allowing both generations to 
contribute their unique strength and encourage self-reflection. Background shapes connect themes related to the research 
questions. GP denotes grandparent, and GC denotes grandchild. 

storytelling by offering suggestions and refining inputs, improving 
the overall quality of the narratives. Finally, AI’s navigational 
support bridged technological gaps, allowing both generations 
to contribute meaningfully regardless of their digital literacy. 
These roles highlighted how participants viewed AI as a mediator 
that leveraged the unique strengths of each generation, fostering 
engagement and strengthening the bond between grandparents 
and grandchildren. 

4.1.1 AI as a Structural Facilitator in Creativity. Participants 
perceived AI as a structural facilitator as AI provided a structured 
framework for story creation, using pre-designed milestones 
provided through initial prompts. These milestones allowed the AI 
to track progress and offer guidance that aligned with the intended 
flow of the activity. This structure helped participants to stay 
focused on specific parts of the story, preventing them from feeling 
overwhelmed. One grandchild reflected on this structured approach, 
1GC0301: “I thought it was kind of helpful and helped me stay on 
track and know what I’m supposed to do for this story.” Grandparents 
also found the structure beneficial as a tool for ensuring important 
story elements were not overlooked. As one grandparent noted, 
1GP0901: “It was a good reminder that you’re not skipping over who 
the main character is, where it’s happening, what the feelings are...” 

Another grandchild highlighted how the milestones gave direction 
throughout the process, sharing, 3GC0901: “We had... milestones tell 
us what directions we should be using.” However, not all participants 
found the structure equally useful. One grandparent, an experienced 
writer, found the milestone system rigid, commenting, 2GP0701: “If 
somebody was not a writer, who hadn’t written lots and lots of stories, 
then that step-by-step process, I think would be useful. But to me, [the 
milestones were] so plottingly slow because I would automatically go 
through what those [milestones] were asking you to do.” 

4.1.2 AI as a Brainstorming Facilitator. Participants perceived 
AI as a collaborator that facilitates brainstorming by asking 
follow-up questions that sparked discussions between grandparents 
and grandchildren. This encouraged both grandparents and 
grandchildren to share ideas and contribute diverse perspectives. 
One grandchild reflected on how AI enhanced the flow of idea 
generation, 2GC1001: “It felt like I was talking to someone... who 
always had ideas. There was never [an], ‘I don’t know.’.” AI’s prompts 
not only guided the storytelling process but also motivated both 
generations to dive deeper into the story details. Another grandchild 
shared, 3GC0701: “They helped us interact because it would remind 
us that we needed more evidence, like, what is this person doing? Or 
who is this person? What age is this person?” This interaction led to 
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smoother brainstorming, making it easier for both generations to 
build on each other’s ideas seamlessly and an enjoyable creative 
experience for both parties. One grandparent expressed enjoyment 
in brainstorming ideas with the assistance of AI, noting, 2GP0801: 
“That was fun (grandchild says this at the same time). We went 
silly in a hurry.” AI’s prompts not only encouraged brainstorming 
but also helped clarify story elements that could be confusing for 
readers of the created story, ensuring the narrative was coherent 
and well-structured. As another grandparent remarked, 2GP0701: 
“It was useful for helping us clarify, and avoid misunderstandings that 
our reader might have.” 

4.1.3 AI as a Narrative Development Assistant. Participants per-
ceived AI playing a pivotal role in refining the co-created stories by 
offering suggestions and filling narrative gaps. One grandparent 
highlighted how AI contributed creative suggestions to enhance 
the story, stating, 3GP0201: “I think it was helpful to be able to 
get the hints to flesh out the story because ours wasn’t entirely, an 
experience that we had together.” When participants got stuck, AI 
provided multiple solutions to help move the process forward. As 
one grandchild noted, 2GC0101: “That’s[AI] really helpful because 
we got we got stuck trying to find a solution... it was very helpful 
[and gave] us multiple solutions to our problems.” In some cases, 
AI took basic outlines and expanded them into richer narratives, 
as one grandparent explained, 3GP0901: “So I think that what we 
had typed in was more or less of an outline. And then when the AI 
took the outline, and made it into a story, it fleshed it out, and he[AI] 
has a lot of extra content, and made it a better story than what we 
were doing with it.” Participants also appreciated AI’s flexibility and 
responsiveness, especially when they made errors or wanted to 
revise their work. One grandchild shared, 2GC1002: “I had trouble. I 
accidentally would press the wrong thing and it[AI] would do it[create 
story] but then I really said I wasn’t finished with that part and 
it would just put it back.” Another grandchild remarked on how 
quickly AI could adjust the narrative, 2GC1001: “Now write this all 
but from Misty’s perspective, story, (2GP1001 notes it’s interesting) and 
then it just changed a little thing for me. And then to make it shorter, 
just a matter of seconds.” Participants emphasized that while AI 
offered helpful suggestions, it never took over the process. Instead, 
it enhanced their inputs and allowed them to remain in control. As 
one grandparent shared, 3GP0801: “The AI doesn’t do the work for 
you. It truly guides and enhances a little bit.” Another grandparent 
echoed this, 1GP0201: “He put his ideas down, and it was rearranged 
into a narrative that was quite nice. It’s still what his ideas were, you 
know, I liked how that turned out.” 

4.1.4 AI as a Bridge for Technological Gaps. Participants perceived 
AI as a navigator in technology. In AI-assisted co-creation, the 
“Help me” feature played a crucial role in supporting participants 
who were less familiar with digital technology, ensuring both 
generations could contribute meaningfully to the storytelling 
process. This AI-driven function provided intuitive guidance, 
offering suggestions and direction when participants encountered 
challenges. By simplifying the interface and allowing participants 
to request assistance from the AI system at any stage, the feature 
helped bridge technical gaps, enabling smoother co-creation. One 
grandparent emphasized the value of this support, sharing, 2GP0601: 
“when we clicked on help me it gave us suggestions, and it’s based 
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on an AI. I did all the time. So I thought that helped me was very 
helpful because I had no idea what to do next. So that was that was 
required for me trying to because I’m trying, I was trying.” With the 
AI providing navigational support, participants who might have 
otherwise struggled with the technical aspects of the activity were 
able to engage in the creative process without feeling overwhelmed. 

4.2 AI Skepticism during Co-Creation 
Participants exhibited mixed perceptions of AI during co-creation 
activities. When AI generated a response that is unfaithful to the 
source input, it caused confusion among the participants. Con-
versely, when AI responses aligned with expectations, participants 
found the experience enjoyable. While grandchildren generally 
viewed AI as a valuable creative partner, some grandparents 
expressed discomfort and fear. However, hands-on engagement 
led many grandparents to develop a more positive and nuanced 
understanding of AI, demonstrating that collaborative experiences 
can help bridge generational gaps in AI acceptance. 

4.2.1 AI as a Source of Confusion. Participants encountered 
confusion when AI hallucinated, such as including a character in 
the story not added by participants. For instance, one grandparent 
noted, 3GP1002: “In the beginning of the story, it showed up, and 
somehow it was like Bob and Madison. Madison? So it was something 
either we said or did or typed in inadvertently. And it got put into the 
story character.” Although these characters were not introduced by 
the participants, they attributed the error to their own input rather 
than recognizing it as an AI-generated mistake. 

However, when AI responses was aligned with their expectations, 
the experience was enjoyable. For instance, one grandparent noted, 
1GP0901: “It seemed like it was already something that as long 
as you’re putting in the sequence, and the way the computer can 
understand it, and the way you think the computers can understand 
it, then it’ll work how you’re expecting. So... I think it was just for me, 
it was a very enjoyable experience.” 

4.2.2 Shifs in Perception through Activity. After the activity, 13 
grandchildren shared their positive experiences with AI. One 
grandchild shared, 2GC0501: “I really like AI. It’s really helpful. I 
think that it helps write a story really well.” Another remarked, 
2GC1001: “I thought it was helpful. It felt like I was like talking to 
a person” A third grandchild added, 1GC0302: “Very helpful, very 
helpful when it’s giving you ideas. It gives you like four or three ideas.” 
These comments suggests that younger participants viewed AI as a 
valuable creative partner that enhanced the co-creation process by 
providing ideas and solutions. 

Four grandparents found AI to be a bafing and unfamiliar 
concept. One grandparent expressed discomfort with AI-generated 
stories, stating, 1GP0901: “It’s hard for me to think about using AI 
for generating stories because I’ve realized that in my mind, I still put 
a lot of meaning and value into somebody doing the work on their 
own. But I also think that part of that is just due to my generational 
experience.” Another grandparent expressed skepticism, questioning 
the reliability of AI, 1GP1001: “Where does it get the information? 
I mean, where does it all that come from? Who’s supplying it? I 
have an inclination not to trust it.” Concerns about AI were also 
tied to broader societal fears. One grandparent admitted, 1GP1101: 
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Figure 4: Comparison of ChatGPT usage and programming experience across generations. Horizontal lines indicate statistically 
significant differences based on the Chi-Square test (� < .05∗ , � < .01∗∗ , � < .001∗∗∗). 

“We’re scared of it. You know, as my friends as teachers and that 
we are fearful about it being used in our society. I would never 
use it in my life.” However, throughout the co-creation activity, 
grandparents reported changes in their perception of AI. Eight 
grandparents expressed that their views of AI changed as a result 
of the co-creation activity. One grandparent, who had limited prior 
knowledge of AI, found the experience to be enlightening. 1GP1101: 
“It’s been eye opening for me, you know, to get into an area that I’m 
not involved in or ever have been involved in. And so I can be maybe 
a little bit more intelligent when people are talking about, some of 
this reading about it, or it’s on the news or something. It’s given 
me good background information.” Another grandparent described 
a significant shift in their attitude toward AI from skepticism to 
seeing AI as a helpful third entity. 3GP0701: “I don’t have such a bad 
thought about AI anymore. you know. So in a way, it’s there, the two 
of us, and then the AI is a third entity. So we’re all helping each other.” 

This shift indicates that generational differences toward percep-
tions of AI exist but could be demystified through positive, hands-on 
co-creation experiences. 

4.3 Fostering Intergenerational Cohesion 
Through AI-Assisted Story Co-Creation 

AI-assisted co-creation activity fostered complementary strengths 
between generations. Grandchildren’s digital fluency facilitated 
interaction with AI, while grandparents contributed narrative 
depth and personal insights. This synergy enabled meaningful 
involvement and mutual appreciation. Feedback from participants 
suggested that grandchildren came to recognize the value of their 
grandparents’ storytelling ability, while grandparents reported 
finding technology more approachable with their grandchildren’s 
guidance. These observations point to a reduction in intergenera-
tional tension and a development of a more harmonious working 
partnership. By providing a structured, AI-assisted environment, 

the activity highlighted complementary skills and encouraged a 
positive and collaborative intergenerational dynamic. 

4.3.1 Acknowledging Generational Differences in Technological 
Familiarity. Our pre-survey data revealed differences in program-
ming experience between grandparents and grandchildren, but 
no significant difference in ChatGPT usage (Figure 4). While 
grandchildren had generally higher exposure to programming 
(Chi-square test: � 2 (1, � = 65) = 10.68, � = 0.001), ChatGPT usage 
was reported similarly across generations. Differences in technical 
familiarity influenced the roles participants assumed during the 
co-creation activity and shaped their perspectives on AI’s role. 

Qualitative feedback from interviews provided further insights 
into these differences, from familiarity to computer hardware to AI 
technology. Eleven grandchildren noted early exposure to digital 
technologies in educational settings While grandchildren were 
generally comfortable with touch-based interfaces on tablets or 
phones, some found traditional keyboards and mice less intuitive. 
In contrast, grandparents exhibited varying levels of technological 
familiarity, often acknowledging the grandchildren’s greater digital 
competence. As one grandparent noted, 1GP0101: “He has more 
experience. I never had that kind of stuff. He’s got more experience 
with it.” 1GP0201: “And it’s that age now, you know, and I did not 
grow up with computers and robots. So it’s pretty foreign.” 

Regarding AI specifically, younger participants expressed 
confidence and enthusiasm. For example, one grandchild indicated 
comfort using AI daily for studying or finding recommendations 
on a mobile device equipped with an AI assistant 1GC1101: “So I’m 
comfortable using AI maybe for like studying and like finding like 
good places to eat. And on my phone I have like Gemini, where if I see 
something cool, I can just circle it and then it will pull me right up to it.” 
Another grandchild mentioned exposure to AI through a parent’s 
job, noting familiarity with AI-generated images, 1GC0101: “I have 
from my dad’s job to work in AI. So I’ve seen him generate photos, but 
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Table 1: Interaction scenarios observed between grandparents and grandchildren in video recordings of 29 groups during the 
user study. 

Interaction Category Observed Behavior Interaction Direction 

Collaborative Ideation Soliciting ideas for the story GC ⇐⇒ GC or GP 

Praise/Compliment Praising or complimenting the other person’s idea or skill GC ⇐⇒ GP 

Encouragement Encouraging the other to contribute or share ideas GP =⇒ GC 

Shared Laughter Laughing together while discussing ideas GC ⇐⇒ GP 

Language Assistance Requesting help with spelling or grammar GC =⇒ GP 

Clarification Requests Clarifying AI responses or intentions GP ⇐⇒ GC 

Technical Assistance Seeking help with typing tasks or using the computer mouse GC =⇒ GC or GP 

I’ve used it.” However, some grandparents who had encountered 
the concept of AI decades ago were impressed by its current 
capabilities, 2GP0101: “I went to (university name) in the 60s. And the 
word was out at that time, it was artificial intelligence. But without 
the computer power that exists since that time, it couldn’t do a lot 
more.” These findings highlight a complex interplay of experience, 
confidence, and perceptions from different generations, influencing 
roles participants assumed during the activity. While younger 
participants often led the interaction with novel interfaces and 
AI tools, grandparents contributed valuable insights, enabling both 
generations to collaboratively shape their co-creation experience. 

4.3.2 Interweaving Complementary Strengths. As participants 
engaged in co-creation, they fluidly negotiated roles, responding 
to each other’s strengths and limitations. Grandchildren, generally 
at ease with digital navigation, primarily managed technical tasks 
such as interacting with the AI and entering text. Grandparents, in 
turn, contributed creative direction and narrative guidance. One 
grandparent remarked, 3GP0401: “He was way ahead of me in just 
about every step of the process.”, while another added, 1GP0201 “Well 
he knew more about it than I did. So I kind of let him take the lead. And 
he had an idea and just work with it. And I suggested a few things.” 
highlighting how grandparents enriched the process with narrative 
input. However, these roles were not static. In some instances, 
grandchildren struggled with certain interactions—such as typing 
on a keyboard or using a mouse, having been more familiar with 
touchscreen devices which prompted grandparents to step in. This 
demonstrates that generational roles were not rigidly defined but 
dynamically adjusted for mutual benefit. 

Table 1 shows various scenarios that emerged, further en-
riching this interaction. Collaborative Ideation often began 
with grandchildren proposing initial ideas, then turning to 
grandparents for narrative depth rooted in family memories. 
Praise/Compliment exchanges flowed both ways, with grandpar-
ents admiring grandchildren’s technical skills, and grandchildren 
appreciating grandparents’ creative suggestions. Encouragement 
typically flowed from grandparents to grandchildren, urging the 
younger participants to explore new interface functions or share 
story ideas. Shared Laughter, arising when discussing story 
ideas or playful story content, signaled emotional engagement. 
Language Assistance often saw grandchildren seeking help 
from grandparents for spelling or grammar checks. Conversely, 
Clarification Requests were common when grandchildren asked 

grandparents to interpret or explain the AI’s responses, and vice 
versa, reversing the direction of help and balancing the relationship 
further. Lastly, Technical Assistance scenarios were not one-sided: 
while grandchildren usually led the digital interactions, they 
sometimes relied on grandparents to handle tasks like typing 
when they were unfamiliar using a keyboard. Through ongoing 
adjustments, participants constructed a shared creative space 
that respected generational differences as opportunities to learn 
from one another. This fluid interplay of roles helped transform 
technological and narrative gaps into bonding experiences. 

4.3.3 Encouraging Self-Reflection. The AI-assisted co-creation 
activity fostered a reciprocal appreciation between generations. 
Grandchildren realized the value of their grandparents’ storytelling 
abilities, discovering that narrative insight and life experience 
could meaningfully enrich the creative process. Grandparents 
realized that technology when navigated with the support of their 
grandchildren could feel less intimidating and more accessible. 

One grandparent described how working alongside a grandchild 
reduced initial uncertainty, 3GP0801: “Oh it was great. Because 
of his experience, it would have taken me I think a lot more 
trying to get up to speed. The basic stuff. I think maybe it’s 
partly age or life experience, but just the how do I do this? No. 
Intimidation, or computer programming. It helps that humans there.” 
This trust and guidance enabled grandparents to adopt new tools 
without feeling overwhelmed, reframing the learning process as 
collaborative rather than solitary. Also, grandchildren gained a 
heightened respect for their grandparents’ adaptability and nar-
rative contributions. Witnessing their grandparents engaging the 
AI-assisted co-creation activity challenged age-based assumptions 
about technology use. For example, one grandchild was inspired 
by their grandparent’s adaptability (3GC0601, 3GP0601), expressing 
warmth and admiration at the realization that older adults could 
find enjoyment in modern digital activities. Another grandchild 
reflected on how working together made the process more efficient 
and pleasant, stating, 3GC0901: “Yeah, we powered through that really 
quickly. We were coming up with ideas super quickly and working 
together very well.” These reflections underscore how AI-assisted 
co-creation activities bridged generational gaps, enabling each 
participant to appreciate the others’ competencies, perspective and 
adaptability with new technologies. In doing so, the activity not 
only produced creative outputs but also created an opportunity for 
self-reflection, further strengthening the intergenerational bonds. 
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5 Discussion 
We explored how AI could facilitate co-creation and enhance 
communication between generations through a story creation 
activity during a community outreach event. In our study, 67 
participants, grouped into 29 grandparent-grandchild groups, 
engaged in an AI-supported story creation task using Robo-Blocks. 
We aimed to answer the following research questions: (1) How 
do participants from different generations perceive AI’s role 
within co-creation activities?; (2) In what ways do AI-supported 
co-creation activities facilitate intergenerational communication 
and connection? 

Our findings, described in Section 4, reveal that AI plays a 
significant role in facilitating intergenerational co-creation and 
enhancing communication. Participants perceived AI as a structural 
facilitator, providing organization and focus during the story 
creation process. It was also perceived as a brainstorming partner, 
sparking discussions and idea-sharing between grandparents and 
grandchildren. Furthermore, AI was perceived as a assistant 
that enhanced narrative quality by refining inputs and bridged 
technological gaps, enabling meaningful contributions from both 
generations despite their varying levels of digital literacy. These 
roles highlight how AI was viewed as a mediator, amplifying the 
complementary strengths of grandparents and grandchildren and 
fostering intergenerational cohesion. 

However, generational differences in perceptions of AI emerged 
during the activity. While grandchildren often embraced AI as a 
creative partner, some grandparents expressed skepticism or dis-
comfort. This skepticism underscores the importance of recognizing 
how varying levels of familiarity and trust in technology influence 
the user experience. Despite these concerns, the activity itself 
facilitated shifts in perception for some grandparents. Grandparents, 
guided by their grandchildren, grew more comfortable with AI, 
appreciating its role in supporting the creative process. This 
hands-on engagement proved instrumental in bridging generational 
gaps in AI acceptance. 

Additionally, the study illuminated the synergy between 
generations during the co-creation process. Grandchildren’s digital 
fluency enabled smooth interaction with AI, while grandparents 
enriched the storytelling process with their narrative depth and 
personal insights. This reciprocal dynamic fostered mutual appreci-
ation, with grandchildren valuing their grandparents’ storytelling 
expertise and grandparents gaining confidence in technology 
through their grandchildren’s guidance. Such interactions created a 
space for both generations to reflect on their unique contributions, 
fostering a more harmonious experience. 

In this section, we further discuss the implications of our findings 
and present design implications of how can AI be integrated into 
co-creation activities in intergenerational groups. 

5.1 Design Implications 
5.1.1 Considering Intergenerational Roles When Customizing AI. 
While our findings suggest that AI’s adaptive capabilities, such 
as tailoring explanations based on the user’s generation, could 
improve usability, this approach risks diminishing the unique 
contributions each generation brings. Grandparents often provided 
life experiences, storytelling depth, and linguistic support, whereas 
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grandchildren offered technical fluency. For example, we observed 
an interaction scenario Clarification Requests (see Table 1) 
where a grandparent from S3G10 mediated between the AI and a 
grandchild when the grandchild was confused by the AI’s response. 
Similarly, a grandparent from S1G02 required a grandchild to 
explain the functionality of a loading popup UI element when 
confused by the technology. 

Customizing AI to provide adaptive learning systems has been 
shown to be beneficial in educational contexts by adjusting content 
in real-time based on feedback, tailoring teaching methods to suit 
individual learning styles and speeds [42, 67]. However, while 
customization can enhance usability, overly adaptive AI might 
inadvertently “take over” roles that are crucial for maintaining 
intergenerational interaction. Based on our findings, when inte-
grating AI for activities involving multiple generations, we suggest 
designers to carefully consider the extent of customization. The goal 
should be to support and enhance intergenerational roles without 
removing the unique contributions that each generation brings, 
thereby providing opportunities for interaction and bonding rather 
than overshadowing human expertise. 

5.1.2 Expanding Users’ Mental Models of AI Capabilities. Despite 
the AI’s diverse capabilities, most participants tended to view it 
primarily as a “story support” tool. Even when opportunities arose 
to utilize AI for other tasks—such as clarifying difficult words 
or providing spelling assistance—participants asked each other 
rather than fully leveraging the AI’s broader functionality (see 
Table 1). This behavior suggests that participants had a limited 
understanding of AI’s potential beyond narrative assistance. This 
narrow conceptualization can be attributed to participants’ limited 
prior experience with AI like ChatGPT, as evidenced by Figure 4. 
Without explicit prompts or instructions encouraging exploration 
of additional capabilities, participants limited their interactions to 
story creation tasks. As a result, AI’s impact on their co-creation 
efforts remained restricted to its perceived primary function. 

To address the limited mental models [38, 65] observed in our 
study, we encourage designers to integrate the concept of play 
for intergenerational participants. Playfulness has the potential 
to transform AI-supported activities to into a source of fun and 
challenge for users to explore the boundaries of the AI’s limitations 
[84]. Also, leveraging positive AI-supported co-creation experiences 
can shift perspectives and demystify AI [69]. 

5.1.3 Encouraging Self-Reflection and Mutual Appreciation. AI-
assisted story co-creation provided participants with opportunities 
to reflect on their collaborative processes and personal interac-
tions. Grandchildren recognized the value of their grandparents’ 
storytelling abilities, while grandparents appreciated the supportive 
role of technology facilitated by their grandchildren. For instance, 
grandparents felt more competent and less intimidated by tech-
nology when co-creating with grandchildren, as noted in 3GP0801. 
This aligns with findings from [27] which highlights enhancing 
intergenerational relationships and technological adoption. 

To further promote self-reflection and mutual appreciation, AI 
systems can incorporate features that prompt users to evaluate 
their contributions and the collaborative process. For example, after 
completing a storytelling session, the AI could ask, “What aspect 
of working together during activity did you find most rewarding?” 
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Additionally, providing visual summaries of each participant’s 
contributions can reinforce mutual appreciation and highlight the 
complementary roles each generation plays. 

5.1.4 Structuring Interaction through Interactive Prompts. Prior 
work has shown that structured interaction procedures can enhance 
rapport and foster positive relationships in child-robot interactions 
[16], particularly during key moments such as initial encounters 
[47]. In line with existing literature, our findings underscore the 
importance of providing structure and guidance within AI-assisted 
co-creation environments. Features like “Help me” buttons and 
predefined milestones supported both generations by offering clear, 
incremental goals and manageable steps in the storytelling process. 
By leveraging traditional UI elements—buttons, prompts, and 
progress indicators—the system helped participants stay focused, 
and prevent them from feeling lost. However, the system must also 
be flexible based on user experience. A scaffolding process is needed 
to provide experienced users with greater flexibility, as participant 
2GP0701, an experienced writer, expressed frustration with the slow 
progress of the activity when constrained by the milestone-based 
structure. This adaptive approach ensures that the system meets 
the diverse needs of intergenerational users, fostering meaningful 
co-creation across varying skill levels. 

We suggest designers to incorporate intuitive and familiar 
UI components to frame AI interactions as guided, step-by-step 
processes. Using structured prompts can encourage sustained 
dialogue between generations, reducing the likelihood of either 
group feeling overwhelmed or uncertain about how to proceed. 
For example, implementing features such as a “Help me” button 
that provides documentation can assist users in completing their 
tasks while clarifying system capabilities. Additionally, visualizing 
milestones as a checklist aligns with the “Visibility of system status” 
principle, ensuring users remain informed of their progress through 
timely and appropriate feedback [18]. 

5.1.5 Enhancing Credibility through Explainability and Trans-
parency. Participants’ concerns about the AI’s credibility, par-
ticularly among grandparents, underscore the importance of 
explainability. Instances of AI hallucinations led to confusion, as 
also reported in prior work [37], which can lead to distrust and 
disuse [50]. Additionally, participants often attributed AI errors to 
their own mistakes as people revise their mental models most when 
anomalies persist [28]. To mitigate these issues, AI systems should 
prioritize explainability and transparency. 

A pivotal approach to calibrating human trust is to convey 
AI’s capability to humans [8, 68, 83, 88]. Designers should provide 
tutorials and explanations that reflect AI capability and behaviors 
[45, 46, 49, 68] and consider users’ specific needs and personal 
backgrounds to enhance understanding and engagement [90]. 
Designers could also show confidence scores to help calibrate 
people’s trust in an AI model [96]. Furthermore, increasing trans-
parency by revealing basic information about how the AI generates 
suggestions or referencing known story elements can alleviate 
credibility concerns. Simple interface cues—such as indicating when 
AI suggestions stem from previously provided content—can be 
effective. By enhancing transparency and explainability, designers 
can help maintain engagement and encourage both generations to 
rely on the AI’s input as a supportive, rather than suspect, resource. 
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5.1.6 Supporting, Not Replacing Humans. During our study, we 
observed that participants preferred AI to act as a supportive tool 
rather than a replacement for human action. While AI facilitated the 
creative process by offering suggestions and guiding participants 
through the story creation, participants remained the primary 
decision-makers. Both grandparents and grandchildren appreciated 
this autonomy, using AI for structured support and inspiration 
when needed, but maintaining ownership of their choices during 
co-creation activities. 

To ensure that AI supports rather than replaces human expertise, 
designers should implement soft intervention approaches where 
AI offers ideas without dictating the process. For instance, the AI 
could suggest, “How about introducing a conflict between Tom and 
Steve?” while allowing users to accept or modify the suggestion. 
Additionally, providing options for users to control the level of 
AI assistance ensures that human expertise remains central to the 
activities [36, 64, 76, 91]. 

5.2 Limitations and Future Work 
Our work has a number of limitations. First, the occurrence of 
LLM hallucinations led to AI generating incorrect or confusing 
story elements, which disrupted the narrative of the story. Future 
work should focus on refining error-handling mechanisms to 
prevent such disruptions and ensure a smoother co-creation 
experience. Second, our study was conducted as a one-time 
workshop experience during a community outreach event, which 
may limit the depth of insight into the long-term impact of 
AI-assisted co-creation. Future work should explore longer-term 
deployments to assess how sustained use of AI in intergenerational 
activities might evolve over time and further shape participants’ 
experiences and perceptions. Third, our study primarily involved 
participants from an outreach community event, potentially 
limiting the generalizability of the findings to populations, where 
digital literacy and access to technology may differ. Future work 
should include participants from a wider range of geographical and 
socioeconomic backgrounds to better understand how AI can be 
tailored to diverse intergenerational contexts. 

6 Conclusion 
In this paper, we conducted a study with 29 grandparent-grandchild 
groups, exploring how AI-assisted co-creation could facilitate 
intergenerational co-creation in a workshop setting. Participants 
engaged in a story creation activity supported by an AI system, 
where we observed that grandchildren typically managed the 
technical aspects while grandparents contributed creatively to 
guide the co-creation process. This complementary distribution 
of tasks, enabled by the AI’s structured prompts and refinements, 
facilitated a smoother, more cohesive co-creation experience. Our 
findings demonstrate that AI can serve as a catalyst for bridging 
generational differences in technological familiarity, fostering 
richer dialogue and mutual appreciation. While grandchildren 
embraced AI as a resourceful collaborator, grandparents approached 
it with more caution, highlighting the importance of transparency, 
explainability, and balanced support. These insights underscore the 
potential for AI-assisted co-creation to enhance intergenerational 
bonds, provided that systems are designed to acknowledge both 
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generations’ strengths and needs. Based on these insights, 
we present design implications for AI systems that support 
intergenerational co-creation, emphasizing the need for an inclusive 
and adaptable system that caters to varying levels of technological 
familiarity and skill. 
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A Technology Familiarity Questionnaire 
To measure participants familiarity with technology, we used the 
following questions: 

(1) Have you ever used ChatGPT before? (Yes/No) 
(2) Do you have any programming experience? (Yes/No) 

If “Yes:” 
(a) How many years of programming experience do you have? 

CHI ’25, April 26–May 01, 2025, Yokohama, Japan 

• Less than 6 months 
• 6 months to 1 year 
• 1-2 years 
• 3-5 years 
• More than 5 years 

(b) What kind of programming languages have you used? 
• Python 
• Java 
• JavaScript 
• C++ 
• Scratch 
• Other (please specify) 

(c) Have you ever programmed a robot? (Yes/No; if “Yes,” 
please describe your experience.) 

B Interview 
The interview questions included: 

(1) Tell us about your experience with Roboblock (Follow-up 
questions: why, what else) 

(a) Did grandparents help grandchildren using the system? 
(2) Did grandparents help grandchildren using the system 
(3) What are your thoughts on using AI for story generation 

and programming? 
(4) Were there any things you wanted to do with Roboblock but 

could not? 
(5) What parts of Roboblock appealed to you the most? (must 

be asked to at least one grandparent and one grandchild to 
explore any differences in appeal between generations) 

(6) Can you think of ways in which Roboblock can be improved? 
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